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Abstract 
A network of interested social network followers represents a valuable asset for 
any organization. Yet, despite the very practical value of social media followers, 
the factors that allow one company to gain attention online while others have 
failed remain unknown. This study investigates the impact of traditional media 
marketing activities and the "socially-earned media" response to these activities 
within what we dub "curation-based" networks (CBN). CBN are online 
networks in which communication via the sharing of digital content represents 
the primary form of user communication.  Using a unique data set collected 
over 8 weeks and involving a mixed sample of 1820 CBN companies and 
individual users, we empirically investigate the factors that attract CBN 
followers. Our findings suggest that in this environment, traditional media 
advertising plays a diminished role, and that attracting followers relies on a 
mixture of socially-earned media and user engagement within the network.  
Keywords:  Curation-Based Online Social Network, Digital Content Curation, 
Econometric Analysis, Socially-earned Media, Social Network Analysis  
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Introduction 
Having a network of interested followers in online social media environments represents a valuable asset 
for just about any individual or organization, regardless of industry or occupation. When Facebook 
recently paid $1 billion for the photo-sharing app Instagram, CNN reported that they had just bought a 
company with “lots of buzz but no business model”1. When cholera broke out in Haiti following the 2010 
earthquake, networked emergency workers were able to track the outbreak two weeks ahead of official 
reports (Chunara et al. 2012). Yet, despite the very practical value of social media followers, the factors 
that allow one company to become a fantastically popular billion-dollar Instagram, while others toil away 
in obscurity, are still poorly understood (Susarla, Oh and Tan, 2012).  
It is not surprising that generating a network of interested followers represents a challenge. Social media 
technology changes rapidly, with each new iteration offering new features. This study focuses on recent 
social media advancements involving the ability of online social networks to incorporate and organize 
digital content from other online sources through a process of digital content curation. Digital content 
curation is defined as the careful selection and maintenance of a set of digital assets (Yakel, 2007).  The 
introduction of digital content curation functionality into online social networks has created virtual 
environments in which most of the communication between network users exists through a process 
collecting, managing and sharing digital content. We study these “curation-based” networks (CBN), and 
explore ways that CBN users curate digital content in order to grow a network of interested CBN followers.  
Specifically, we examine the research question: How do CBN members use digital content curation to 
attract interested network followers?  
There are three primary motivations for this study. The first is to understand the marketing implications 
of curation-based networks.  Whereas most online social network pages contain information on individual 
users, CBN pages are populated almost exclusively with images pertaining to user interests, their tastes 
and preferences.  Users upload and share this content as a natural part of CBN usage, and in so doing  
spread digital content at an amazing rate. Each time content is shared, the CBN always preserves the 
originating hyperlinks, so that the process of digital content curation creates a web of pathways back to 
the sites of the companies that produce the products that comprise CBN pages.  This format makes the 
CBN an extremely important source of online electronic word-of-mouth (eWOM) referrals. For example 
Pinterest2, the fastest growing and most popular CBN, generates more referral traffic than social network 
sites LinkedIn, Google+ and YouTube combined3. Pinterest ranks third among all websites, and sits 
behind only Google Websearch and Facebook, in terms of driving online referral traffic, despite having a 
user-base only 1% the size of Facebook4.  
The second motivation for the study stems from a desire to contribute to a stream of research that 
examines the role of socially-earned media and marketing outcomes. Socially-earned media is defined as 
blog posts, online customer reviews, tweets, and any other word-of-mouth communication about a 
particular person, company, or brand (Dellarocas 2003).  Marketing initiatives today typically involve the 
use of traditional media (eg. advertisements) that is designed to generate a response from an online 
community.   This response takes the form of socially- earned media (Stephen and Galak 2012). Recent 
research efforts have begun to identify the important role that socially-earned media plays in attracting 
customers.  Still, while traditional media has a long history of association with desirable marketing 
outcomes, the impact of socially-earned media is not well-understood (Stephen and Galak 2012).  
Additionally, this is the first study to examine socially-earned media in the context of CBN.   
Third, digital content curation potentially represents a major shift in the nature of media delivery and 
consumption. In today’s link economy (Jarvis 2008), which refers to the web of hyperlink connections 
that bind together the internet, hyperlinks have distinct business value. Much of the content that 
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populates the internet is produced by companies interested in attracting consumers to their websites for 
the purposes of generating advertising revenue. These content producers desperately depend on a steady 
stream of visitors. Very often, much of this traffic comes to content producer sites by way of search 
engines and content aggregators like Google.  While content producers like the New York Times continue 
to struggle to find ways to generate online revenue, content aggregators make huge profits from the link 
economy. In the first half of 2012, Google earned $20.8 billion in advertising revenue, more than all print 
media advertising in the United States combined5.  
CBN provide simple tools by which any internet user can assemble collections of content from all over the 
web. As the popularity of CBNs continues to grow, the internet will be populated by literally millions of 
individual content aggregators sharing and distributing digital content.  Content producers must learn to 
utilize these technologies for themselves in order to take ownership and capitalize on the benefits of CBN.  
The current study will be of interest for both groups, in that it provides an analysis of online network 
growth in the CBN marketing using a sample of competing real-world producers and aggregators.  
In sum, the objective of this study is to examine the way that content producers and content aggregators 
use digital content curation actions within a CBN to collect and manage digital media for the purpose of 
maximizing a network of interested followers. We theorize that this process depends on a marketing mix 
of three key elements: 1) Traditional media advertising of content in the correct amounts. 2) a socially-
earned community response to these advertising efforts, and 3) engaging with other network users in 
reciprocal digital content exchanges.  
We empirically analyze an econometric model comprised of panel data collected from a leading CBN. We 
collect and analyze data on all of the digital content curation activities of 1820 CBN users over the course 
of 8-weeks. In the next sections, we provide details on the domain of study for this work. We then discuss 
some of the extant research on the impact of media on marketing outcomes. Next, we discuss the data 
collection and our variables of interest. We present an econometric analysis of panel data collected from 
the Pinterest CBN. This data is then analyzed and the results are discussed, together with some 
limitations of the study and directions for extending the research. 
Media and Word-of-Mouth within Curation-Based Networks 
Curation-based networks are online social networks in which people form network links around shared 
interest in digital content. Users of these networks collect content from all over the internet, and append 
this content to their CBN pages.  Users visiting these pages can then view the images as one stream, with 
new images added as the user scrolls down the page.  
CBN exhibit some important differences from other online social network platforms.  First, all aspects of 
CBN usage are centered around digital content, rather than personal information.  CBN pages are 
therefore populated not by information pertaining to an individual, but rather by pictures representing 
numerous products, services and interests.   
The emphasis on digital content presentation is evident in all aspects of CBN design.  Content is presented 
as one continuous stream, with the maximum amount of screen space devoted to displaying images.  In 
terms of function, the CBN is designed to make it easy to collect, organize, display and share digital 
content.  To this end, CBN provide numerous methods for bringing content into the CBN from a number 
of outside sources.  Once content is inside the CBN, it can be easily copied from one CBN page to another, 
making content transmission through the network easy, even when using mobile devices with limited data 
input methods.   
CBN also allows for a level of content organization and management that far surpasses that seen by other 
online social networks.  Content can be tagged and organized into logical collections to allow for easy 
search and organization.  This functionality allows a content collection to take on its own characteristics, 
to such an extent that CBN users may actually follow collections of content rather than other CBN users.  
Ultimately, it is the emphasis on content over people that sets CBN apart from other forms of online social 
networking.  CBN simply allow for commutation by means of digital content on a level that has never 
existed before.   
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This emphasis on digital content gives CBN the potential to make valuable contributions to the study of 
eWOM.  eWOM refers to communication about people, products or brands communicated via the internet 
(Dellarocas, 2003).  Over the last ten years, research and practitioner interest in eWOM has grown 
significantly.  However, nearly all of this work examines eWOM in the form of textual communication.  
For example, research has examined how positive online customer reviews help promote online book 
sales (Chevalier and Mayzlin, 2003) or how textual comments help Youtube videos go viral (Susarla et al., 
2012).   
Rich media formats, for example the type of pictures that comprise CBN, also represent a type of eWOM.  
Pictures allow for the transmission of large amounts of information quickly and easily (they're worth a 
thousand words, as the saying goes).  In certain situations, for example mobile environments where 
textual input is limited by hardware considerations, pictures may provide a concise and effective means of 
conveying ideas and product information.  For this reason the study of CBN offers the potential for 
compelling important contributions to the extant eWOM literature.  
 
 
Figure 1.  Better Homes and Gardens within Pinterest 
 
Another important aspect of CBN is that people are not limited to communicating via pictures, they 
simply prefer it.  The content sharing features of the CBN are so intuitive that textual communication is 
rare enough as to be almost non-existent.  A sample of 100,000 CBN pages showed that users had added 
textual comments to less than 3% of the pictures that made up these pages.   
Moreover, it seems that CBN users, at least in the case of Pinterest, would rather talk about interests, 
products and services than themselves.  Unlike sites like Facebook, LinkedIn, or Google+, the pages of a 
CBN contain very little personal information, and many users do not use the CBN to display personal 
photographs, rather CBN pages represent a “best of the web” for each user. This is interesting given that 
the last decade of online social network research has been dominated by research around the social and 
interpersonal motivations for using these technologies (Ellison et al., 2007).  As the content collection and 
distribution functionality of CBN increases, it may be that they allow for emerging models of usage that 
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were not possible before.   
CBN also allow for commercial usage, and many companies maintain CBN pages. Today, companies often 
use the CBN as a means of supplementing their other online social network marketing efforts, and 
populate CBN pages with content meant to drive users to their proprietary websites.  “Better Homes and 
Gardens”6, an online home improvement and lifestyle magazine, maintains a presence within the CBN, 
where they have accrued more than 300,000 followers. The company freely distributes large amounts of 
content through their CBN pages in an effort to drive traffic to its company-owned websites where it can 
sell products and generate advertising revenues. 
Theory and Hypotheses 
Traditional Media and customer growth  
The extant marketing literature has focused on the role of traditional media in marketing outcomes 
(Corcoran 2009). Traditional media refers to any advertising by a firm, for example advertisements taken 
out on television, radio, or in magazines. Traditional media has existed for many years, and as such has a 
storied history of research in economics sales and marketing. Traditional media success has been linked 
to increased sales (Assmus et al. 1984), customer engagement and satisfaction (Anderson and Sullivan 
1993), and customer acquisition and retention (Fornell and Wernerfelt 1987).  
There may be a number of reasons that traditional media activities attract followers. First, and perhaps 
most obvious, is that traditional media represents the primary method by which companies tell customers 
about the products that they have for sale (Aaker and Biel 1993). Within CBN, we define traditional media 
as the digital content that together makes up the digital self-expression of a company or individual user.  
It is the combined total of all the digital content that populates the pages that users present to the world.  
For example, the pictures displayed in Figure 1 all advertise products either for sale or related to articles 
featured on Better Homes and Garden’s commercial website.  When users visit the CBN pages of a 
particular CBN user, their encounter involves the traditional media that the user has placed in that 
location.  
H1a: More traditional media on CBN pages is associated with more CBN followers.  
As with traditional forms of advertising, all digital content is not created equal. Obviously some 
advertising campaigns flop, while others flourish. Marketing researchers have struggled for decades to 
identify exactly what makes a traditional marketing campaign “pop”. Such questions are outside the scope 
of this research, and it is difficult to evaluate whether one type of content is objectively better than 
another.  
However, within CBN it is possible to identify content that may be “new” or “fresh”. CBNs allow content to 
be uploaded from an outside website or shared from one user to another. Content uploaded from outside 
the CBN may be unknown to a larger number of users and therefore more interesting or compelling. 
Conversely, content that is copied from another CBN user exists on at least one more page within the CBN. 
As a result, users may have other avenues through which to view this content, or they may have seen it 
previously on another user page. Thus, we hypothesize that original content, i.e. content newly uploaded 
to the CBN, will be more valuable for attracting followers than that copied from other CBN users, giving 
us the following hypothesis.  
H1b: Original content will be more strongly associated with CBN followers than copied content.  
Socially-earned Media  
Socially-earned media in a general sense consists of digital communications about a company, person or 
brand appearing in digital spaces such as blogs, social network sites and forums. Socially-earned media 
can consist of positive blog posts about a company, Facebook discussions around a company or the 
actions that they take, or other user-generated content like online customer reviews on Amazon.com 
(Stephen and Galak 2012).  In this study, we are interested in socially-earned media within the CBN 
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system.  Socially-earned media in this context refers to any comments that other users post about the 
traditional media content of other users.  Socially-earned media is also generated when users show 
support for traditional media content by copying it from another user’s page onto their own.   
Socially-earned media likely impacts CBN followers in several ways. First, recent research has suggested 
that because socially-earned media typically involves an endorsement from trusted sources, for example 
friends or known online social network members, the message carried by socially-earned media may be 
highly influential (Chu and Kim 2011). Additionally, socially-earned media may be able to reach more 
selective pockets of interest than traditional media (Stephen and Galak 2012). Traditional media is 
distributed through channels with massive exposure. However, these channels may not reach customers 
who are especially engaged with a product or a brand (Stephen and Galak 2012). By contrast, socially-
earned media is very good at dividing customers into groups of individuals who are very engaged around 
niche topics. Customers in these groups are often very committed and loyal to a particular product or 
brand.   In this way, socially-earned media helps companies to reach the long-tail (Stephen and Galak 
2012). This is especially true within curation-based networks, where digital content can be collected from 
many users quickly, and may be seen by users that have never visited the pages of the one who originally 
pinned the content. Because these environments are designed to produce and spread socially-earned 
media, we hypothesis that not only will socially-earned media lead to more network followers, but users 
will also see a greater benefit from socially-earned, rather than traditional media.  
H2a: More socially-earned media will be associated with more CBN followers.  
H2b: Socially-earned media will be more strongly associated with CBN followers than traditional 
media.  
User Engagement 
We define user engagement here as the number of followee relationships that a particular user has 
entered into with other CBN users.  One of the strengths of online social networks in general, and CBN in 
particular, is that they also allow for two-way user interaction. To use a company example, they allow a 
company to follow its customers, just as the customers follow the company in turn. In this way, online 
social networks decrease the distance between company and customer. They break down the barriers 
between companies and their customers and promote interaction not possible offline (Trusov et al. 2009). 
For example, within an online social network, companies can deliver advertising messages to customers, 
and then receive immediate customer response to the advertising message. When companies take the 
extra step to follow not only their own current customers, but also potential customers, they may realize a 
number of tangible marketing benefits. They are able to see the interests of these users, and observe their 
interactions with each other, as well as with other companies inside the CBN.  
Studies have shown that observing and responding to customer feedback makes customers feel that they 
have a voice within the company, and leads to higher levels of customer loyalty (Gallaugher and 
Ransbotham 2010, Hart and Sharma 2004). A strategy of customer engagement within social media 
“underpins brand positioning and perception, establishes a clear message, conveys corrections, promotes 
contests, distributes time-sensitive information, and even recruits customers, partners and staff.” 
(Gallaugher and Ransbotham 2010, p.199).  From this we hypothesize that those users that show a greater 
degree of user engagement will have more CBN followers. 
H3: User engagement will be positively associated with CBN followers.  
Content Producers and Aggregators  
In addition to the hypotheses developed above, we are also interested in looking at some group differences 
between content producers and content aggregators. We define content producers as those users that 
primarily use the CBN to distribute content that they produce themselves or content that they have 
purposefully collected from outside of the CBN. Content aggregators, by comparison, primarily fill their 
pages with content collected from other CBN users.  
The difference between content production and aggregation is perhaps best shown through an example 
outside the CBN context. A content producer like the New York Times creates content that reports on 
news stories and events. They produce a huge amount of content that is consumed by customers through 
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a variety of different media channels. Content aggregators, of which Google News is a well-known 
example, produce no content, yet aggregates the content of the New York Times and other news outlets to 
provide a “one stop shop” for people looking for news (Dellarocas et al., 2011).  
Examining the issue of content production vs. content aggregation is interesting and timely, given that 
while the web is populated through the advertising efforts of content producers like Better Homes and 
Gardens and the New York Times, the vast majority of online revenue goes to content aggregators like 
Google (Jarvis, 2008). CBN have profound implications for the future of content aggregation. Specifically, 
CBN place the tools for content aggregation into the hands of individual CBN users. This has the effect of 
greatly increasing the number of content aggregators in the digital marketplace. However, the nature of 
CBN content curation preserves links to originating websites, so that while CBN users aggregate and share 
digital content, they do create socially-earned media for content producing websites. This ultimately 
means that content producers need to become active within the CBN community, so that they can take 
ownership of their content and its distribution. In this way content producers can create a more desirable 
network position from which to attract followers and convert these CBN followers to actual paying 
customers.  
We can expect to see some reasonable differences between content producers and aggregators, simply 
based on their respective natures. In terms of traditional media, we expect that followers attributable to 
original content will be higher for content producers. This is because they rely more heavily on new and 
original content as opposed to content aggregators. Conversely, content aggregators should see greater 
benefits from copied content.  
H4a: Follower numbers for content producers will be impacted more by original content, rather than 
copied content.  
H4b: Follower numbers for content aggregators will be impacted more by copied, rather than original 
content.  
The situation with socially-earned media is more complicated. We might expect that content producers, 
because they populate their pages with content that is new and potentially unique, might exhibit a greater 
benefit from socially-earned media. However, content aggregators have a legitimate advantage in that 
they are able to “cherry-pick” the best content from other pages, and thus create content collections 
populated with only the most popular content from the entire CBN.  In this way, content producer 
popularity indirectly benefits the aggregators as well. For this reason, we put forth the hypotheses that 
differences in the observed impact of socially-earned media will be attributable to group differences.  
H5: Socially-earned media will impact followers differently for content producers and content 
aggregators.  
Finally, we examine the role of user engagement on content producers and content aggregators. As stated 
above, user engagement provides a means of following and keeping track of other users and the CBN 
community. While this ability is no doubt valuable to both content producers and content aggregators, 
aggregators in particular have a true need to track and manage the content curation activities of the CBN 
community. This is because the pages of content aggregators are populated largely by content posted by 
other users, and for this content to be as relevant, timely and enticing to potential followers as possible, it 
is important that the content be compiled from good sources. For this reason, we propose the following 
hypothesis.  
H6: User engagement will play a greater role in determining the followers of content aggregators than 
content producers. 
Methods  
Data Collection  
To test the hypotheses presented above, we used a unique panel data set collected from Pinterest, the 
largest and fastest growing curation-based online social network. The data was compiled from publicly-
available information over a period of eight weeks from September to November of 2012. All told, the 
sample included over 1 million pins that were examined each week for a period of eight weeks. To collect 
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this data required the use of webcrawling applications developed using the Scrapy 7  development 
framework. Scrapy provides and extends several Python classes that specialize in webcrawling and 
information retrieval. 
When Scrapy scrapes an item from a webpage, the document is stored using JSON(JavaScript Object 
Notation) text. To store the items as they come from Scrapy, we used the open-source MongoDB8, a 
lightweight non-SQL database that is designed to handle data in the JSON format. Finally, in order to 
analyze the raw data from Scrapy, standard Linux tools including sed, awk and grep were incorporated 
into a series of bash scripts to clean the data into further analysis within the STATA statistics package. 
The data set consists of all of the digital content curation “actions” taken by a sample of 1820 randomly 
selected Pinterest users. Actions here refers to all of the activity taken by each user in terms of posting 
content to Pinterest, organizing this content, and connecting and communicating with other Pinterest 
users. In addition, we collected data on the socially-earned media response to the actions of these users. 
While the unit of analysis here is the Pinterest user, it was necessary to collect this data at the individual 
“pin” level of analysis. Collecting data in this way allows us to see the way that the Pinterest community 
responds to the content and activities of the users in the sample. Ultimately, these pins were all attributed 
to a user in the sample, which provides a sum total of the community response for all the user activity for 
a particular period. All told, the sample included over 1 million pins that were examined each week for a 
period of eight weeks.  
Variables  
Pinterest provides for a fairly large number of different user actions related to the curation of digital 
content. More importantly, the confines of the Pinterest system make it possible to track each action taken 
on the part of a Pinterest user, as well as how the other users within the Pinterest network respond to 
these actions. In the following sections, we discuss the way that each of the variables considered was 
operationalized for the study. First, we discuss our main dependent variable, follower network growth. 
Traditional media, socially-earned media, and user engagement variables are then discussed.  
CBN Followers 
Pinterest provides a public count of a user’s “followers”. Followers within Pinterest are those other users 
that have decided to receive updates when a Pinterest user posts new content to their digital collections. 
Unlike some other social network sites, Pinterest users are allowed only limited communication with their 
followers. A user cannot send an email “blast” to all of their followers, for example. One advantage of this 
system is that for someone to follow another user on Pinterest does not require the user’s permission, so 
people are free to follow as many users as they wish. This number of followers forms the dependent 
variable in our model. Past research has considered the number of a user’s social network followers as a 
proxy for social media “buzz” or popularity (Susarla et al. 2012).  
Traditional Media  
We consider two types of traditional media, both related to the way that content is organized and 
displayed on a user’s page. Original Pins is the number of pieces of content that a user has incorporated 
into their Pinterest pages. Content can enter the Pinterest system from nearly any other website via a 
browser applet that Pinterest users install. When a person sees an interesting piece of content on a 
webpage, they can click the “Pin It” button in their browser (once the applet is installed) to quickly add 
the content to Pinterest.  
Repins represent the other type of content that users can employ when decorating their Pinterest pages. 
The distinction between Original Pins and Repins is one of origin. As discussed above, much content gets 
into Pinterest via the provided browser applet. However, content from outside Pinterest is not the only 
way that users collect content with which to populate their pages. Pinterest users may also curate content 
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from the content collections of other users. One question of interest in the study concerns the impact of 
new, original content compared to copied content. To answer this question, we need a way to distinguish 
between the two. Ultimately the solution to this problem involved a regular expression match. Any pin 
added to Pinterest has a date stamp, that reads “Pinned x days ago” for pins that are original, and 
“Repinned x days ago” for repins. When crawling the pins, original pins were flagged with a boolean value 
of one, while repins were coded as zero.  
 
Table 1. Description of Variables 
Variable of Interest Description 
Followers (Dependent 
variable) 
The number of CBN followers that a user has in a 
particular time period. 
Traditional Media 
Original Content New content from outside the CBN. 
Copied Content Content copied from the page of another CBN user. 
Socially-earned Media 
Earned Repins Number of time a piece of content is repinned by other 
CBN users. 
Earned Comments Number of comments that a piece of content has 
received. 
User Engagement 
Followee Relationships The other CBN users that a user “follows”. 
Socially-earned Media  
As users of Pinterest post content to their collections, the Pinterest community responds by copying, 
commenting on, and showing support for this content. Pinterest keeps track of all of these actions, so that 
each piece of digital content, and collectively each user, amasses a collection of socially-earned media as 
they engage in digital content curation. We collected data at the pin level, so that the data set contains 
socially-earned media numbers for each piece of content on a user’s page.  
Repins are the most common type of socially-earned media within the Pinterest system. Just as a user can 
choose to repin content from another user with which to decorate their pages, a user’s own content can be 
repinned in kind. The difference is subtle. A traditional media repin occurs when a user, for example user 
x copies a piece of content a from user y’s collection. User x has now placed content a on their page, and 
user y gets credit for a socially-earned repin.  
Comments can also be added to any pin within another user’s digital collections. It is not possible to add 
private comments to a pin. Any comments are visible to all other users. Figure 2 shows a sample pin taken 
from one user’s page. Note the presence of indicators for each type of socially-earned media (repins, likes 
and comments).  Additionally, just as in Figure 1, very little user information is displayed on these pages.  
Once again, the content plays the central role.   
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Figure 1.  A Pinterest Pin and the Socially-earned media it has accrued. 
User Engagement  
We consider a third type of media inherent to the Pinterest system. User engagement in this study is 
synonymous with the number of other CBN members that a user is following. These “followee” 
relationships offer numerous opportunities to send private messages and observe the activities and 
communications of these users. Thus, followee relationships show a commitment to the CBN community. 
Just as the follower count for any particular CBN user is public, so too is the number of others followees 
for any user. 
Empirical Analysis and Results  
We begin our analysis by examining some descriptive statistics. Eventually our goal will be to analyze all 
eight weeks of panel data simultaneously. Here, we consider just the first period in order to get a general 
feel for the data. Summary statistics for each of the variables are presented in Table 2.  The data in its 
natural form shows some problems with normality, as some users have huge numbers of pins and repins, 
while other users in the sample have few.  To account for this, we used a natural log transformation on all 
of the variables.   
Base Econometric Model  
We consider follower growth as a function of traditional and socially-earned media actions, and user 
engagement.  Our dependent variable is the aggregate number of CBN followers of a particular user i.  
Independent variables in the model correspond to original content and copied content as forms of 
traditional media, socially-earned repins and socially-earned comments for social media, and followee 
relationships as engagement media.   
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Table 2. Descriptive Statistics 
Variable Mean  Std. Dev. Min. Max.  Obs.  
Followers  279.59 611.968  0  13386 14886 
Original Content 102.28 197.725  0  3864  14886 
Copied Content 451.86 675.022  0  10994 14886 
Earned Repins 1010.13 2771.428 0  67898 14886 
Earned Comments 25.28  126.828  0  4594  14886 
Followees 182.45 681.732  0  19113 14886 
 
Some users in our sample have many followers, while others have few.  Some CBN users post large 
amounts of content, while others use fewer pieces of content on their pages.  To account for this, we use a 
log transformation on all of our variables. For ease of reading, we will not refer to the natural log of 
variables in the model or results. However, it should be assumed that we are at all times working with the 
natural log of variables.  
We begin by testing the following base model: 
,
   	,
		,
  	,

  !",
 	#!$$,
 	% 	&
 	',
 
 
where i and t represent a particular user at a certain time period.  
Since the data used for this analysis includes a large number of users, some of whom have very different 
amounts of followers, traditional media etc., it is reasonable to assume that we would see differences in 
the variance around these variables for different categories of users. We therefore use robust standard 
error fixed effect estimation to account for the potential of heteroskedasticity and auto-correlation (White, 
1980).  To test for the appropriateness of fixed effects, a Hausman test was performed comparing the 
model using fixed or random effects. The test statistic was significant, indicating that the fixed effects 
model is appropriate. We also include user-specific and time-period dummies (% and &
, respectively).  
',
 	is a user and time-specific error term.   
Socially-earned media variables in the model may exhibit potential endogeneity.  As a user accrues more 
followers, these followers would be likely to repin and comment on the user's content more frequently.  
Therefore socially-earned repins and socially-earned comments are potentially endogenous. We address 
this issue by performing a two-stage least squares (2SLS) regression with instrumental variables for 
socially-earned repins and socially-earned comments. We use the one-period lag of these variables as 
instruments. Additionally, since we are working with aggregate totals for our variables, we would 
naturally expect the data to exhibit a time trend from one period to the next, as users accumulate 
followers as a natural process of CBN usage.  To account for this we add time dummies δt, thus controlling 
for any natural time trend. 
To test hypotheses H1a and H1b, we examine the coefficients for traditional media (original and repin).  
Contrary to our hypotheses, we did not find support for the role of traditional media. Interestingly, we saw 
no difference between the performance of original and copied content.  Neither type was a significant 
predictor of followers.  Specifically, original content (β1) had a coefficient of 0.001 (p = 0.594). Copied 
content was also not significant (β2=0.002, p < .260).  Since neither of these variables was significant in 
our base model, we cannot evaluate whether one performed better than the other.  Thus hypothesis H1b is 
not supported.     
To evaluate hypothesis H2a, we must look at the socially-earned media coefficients for earned repins and 
earned comments (β3 and β4, respectively).  Socially-earned repins had a significant impact on followers 
((β3=0.15; p < .001).  Socially-earned comments were also a significant predictor of followers (β4=.008; 
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p=0.006). Hypothesis 2a is therefore supported.  We also found support for Hypothesis H2b, in that the 
coefficients for earned repins and comments were both higher than any traditional media variables, to the 
extent that socially-earned media variables were significant in the model while traditional media variables 
were not.   Finally, we may evaluate hypothesis H3 by looking at the value of β5.  We observed a 
significant relationship between user engagement, as measured by followees, and followers (β5=0.11, p 
< .001). This was the highest observed coefficient in this base model.  All of these coefficients are 
summarized in Table 3, Model 1.  
Content Producers and Aggregators   
To evaluate hypotheses H4-H6, We extend our base model by looking at group differences between 
content producers and content aggregators (models 2 and 3, respectively). For the purposes of this 
analysis, we created a variable for user originality, defined as the ratio of original pins to repins for that 
user. Users with an originality score less than one, meaning that their pages contained more copied 
content than original content, were classified as content aggregators. Users with an originality score 
greater than one, indicating that they pinned new content at least as often as they copied existing content, 
were placed in the content producers group.  
 
Table 3. Panel data regression results 
Variable  Base Model(1) Producers (2) Aggregators (3) 
Original Content  0.001(.002) -0.07(.05) -0.001(.003) 
Copied Content 0.002(.003) -0.0002(.01) 0.004(.002) 
Earned Repins   0.015****(.005) 0.15***(.05) 0.011**(.006) 
Earned Comments 0.008***(.003) -0.01(.05) 0.012***(.004) 
Followees 0.11***(.018) 0.01(.014) 0.13***(.023) 
R2 (Overall) 0.36 0.47 0.50 
Significance Codes: * p < 0.10; ** p < 0.05; *** p < 0.01 
Numbers in parentheses are standard errors. 
 
After dividing the users into these groups, we again fit the base regression model to the data. The results 
show some significant differences between the ways that the two groups benefited from content curation 
actions. However, the trend that we observed around traditional media in our base model carried over to 
our group analysis.  Neither producers nor aggregators benefited from the sheer amount of traditional 
media (original or copied content) that they used on their pages.  For this reason Hypotheses H4a and 
H4b were not supported.   
We then considered differences between socially-earned media between the two groups.  Hypothesis H5 
was supported.  Socially-earned repins played a large part in determining the followers of content 
producers.  In fact, socially-earned repins was the only variable to significantly impact the follower 
numbers of content producers.  Content aggregators, on the other hand, saw a significant benefit from 
both socially-earned comments and socially-earned repins.  It is worth nothing that the coefficient for 
socially-earned repins was much higher for content producers at the 95% level of confidence, indicating 
that they saw greater benefit from socially-earned repins than aggregators.  Aggregators, for their part, 
saw statistically significant benefits from socially-earned repins and comments, as well as user-
engagement.   
Hypothesis H6 was supported.  User engagement was the largest coefficient in the content aggregator 
model (0.13; p < .001) while playing no role whatsoever in the content producer model (0.01; p < 0.015), 
where it was significant only at the 0.05 level.  Table 4 shows the results of our hypothesis testing. 
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Table 4. Results of Hypothesis Testing 
Hypothesis Supported? 
H1a: More traditional media on CBN pages is associated with more CBN followers.  NO 
H1b: Original CBN content will be more strongly associated with CBN followers than 
copied content. NO 
H2a: More socially-earned media will be associated with more CBN followers. YES*** 
H2b: Socially-earned media will be more strongly associated with CBN followers than 
traditional media YES*** 
H3: User engagement (i.e. more CBN followee relationships) will be positively 
associated with CBN followers.  YES*** 
H4a: Follower numbers for content producers will be influenced more by original 
content, rather than copied content.  NO 
H4b: Follower numbers for content aggregators will be influenced more by copied 
content, rather than original content.  NO 
H5: Socially-earned media will impact followers differently for content producers and 
content aggregators.  YES*** 
H6: User engagement will be more strongly associated with the followers of content 
aggregators than content producers. YES*** 
Significance Codes: * p < 0.10; ** p < 0.05; *** p < 0.01 
 
Discussion  
This section discusses some of the most important findings from the study. We will discuss the 
implications of each model presented in the previous section. The findings can be placed into two groups: 
1) Findings related to the general impact of traditional and socially-earned media, as well as engagement 
actions, and 2) observed differences in the role of traditional media, socially-earned media, and user 
engagement actions attributable to group differences between content producers and content aggregators. 
Based on the results from our base model analysis (model 1), we can conclude that socially-earned media 
and engagement actions play an important part in determining the CBN followers of users in our sample. 
Interestingly, we did not find support for traditional media in any form, whether it be original or copied 
content.  Since these variables measured the impact of aggregate totals of traditional media, we interpret 
this finding as a lack of support for a “more is better” philosophy to CBN traditional media placement.  
This finding shows the difficulty of marketing in social media environments.  For the users in our sample, 
merely adding more content to their pages was not indicative of success.  This held true for both copied 
and original content, and even those users that worked to create collections of new and interesting 
content did not see follower growth directly as a result of that content.  Rather, it was the community 
response to a user's content that attracted followers, as well as the user's commitment to engaging with 
the CBN community.   
This finding is interesting because collecting and managing content within a CBN is a time-consuming 
and costly proposition.  Companies that work to place their content on CBN pages must be mindful of the 
fact that it is not enough to merely duplicate content from their web sites within the CBN.  This is 
especially true in the case of original content.  Companies that use a CBN as their primary marketing 
outlet absorb the expense of creating content, as well as the time investment to display this content within 
the CBN.  Based on our analysis, it is important that these companies constantly track and monitor the 
community response to this content in order to realize a return on their investment.    
Our finding that user engagement had the highest impact on follower growth also underscores the 
importance of tracking and monitoring the CBN community. Fortunately, the CBN environment makes 
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customer engagement possible on a level not typically afforded to organizations. User engagement actions 
allow for content sharing reciprocity, and let users monitor the actions of current and potential followers 
within the network. As Gallaugher and Ransbotham (2010) argue, monitoring customer interaction is an 
important part of social media marketing strategy. The authors recommend taking maximum advantage 
of the social network system’s monitoring features to track user dialogue both between the firm and its 
customers, as well as customer dialogue with other competing firms, and finally customer-to-customer 
interaction. Entering into following relationships within the curation-based network make this 
monitoring process much easier. Following relationships generate an activity “feed” that keeps a user up-
to-date on the actions and activities of all of those they are following.  
Another reason for the strong showing of user engagement may have to do with the quality of content 
available to users that engage with the CBN community. As users commit to following relationships, they 
gain the ability to see as another user adds content. Moreover, they can see in real-time, which content is 
gaining popularity in the network. This allows users to pick popular content with which to populate their 
own pages.  
The next findings that we discuss deal specifically with socially-earned media. The study provides some 
surprising evidence that the format of socially-earned media may be extremely important in a CBN 
context.  In our analysis we found that textual socially-earned media in the form of user comments was 
typically less effective for attracting followers than the more CBN-centric socially-earned repins.  While it 
is true that the repin is well-adapted to the content and image heavy format used by a CBN, the 
downplayed role of textual communication is nevertheless surprising given the established effectiveness 
of textual comments as electronic word-of-mouth (eWOM) in other research settings (Chevalier and 
Mayzlin, 2003; Mudambi and Schuff, 2010).  Consistently, this research finds that textual eWOM has an 
impact on a number of firm and consumer goals. Our research extends and contributes to this by 
revealing that textual eWOM may be sensitive to context. We believe that the CBN context, because it 
allows for such robust digital media sharing, naturally suppresses the role of textual communication to 
some degree.  As CBN technologies continue to develop, it may be that we will witness a shift away from 
textual media to more content-based forms of communication.   
One implication of this finding for practitioners is that electronic word-of-mouth communication via 
digital content may be less open to interpretation. Textual discourse, because of its very nature, is open to 
interpretation, and numerous meanings may be given to text because it is lacking in many of the audio 
and visual cues present in face-to-face communication (Anderson and Pйrez-Carballo 2001). As a result, 
many online opinion forums are prone to obscuring a marketing message at best, or going completely off-
message at worst (Dellarocas 2003). The comments section of YouTube, for example, is notorious for 
rapid degeneration (Lange 2007). Repins have an advantage over text in that each repin represents an 
exact copy of the original traditional media. This gives marketing practitioners more control over exactly 
what information is spread to other customers. For a company, the ability to place specific marketing 
information, in the form of pictures of products for example, within the curation-based network, allows 
the company to control exactly what other customers see and share. Whenever a piece of this content is 
repinned, only the picture itself is copied. The textual comments do not copy over. This allows the 
marketing message to be “reset” every time that a user repins a piece of content  
Finally, we investigated socially-earned media separately for content producers and content aggregators.  
This analysis revealed some surprising results.  First, we observed very different user engagement benefits 
for the two groups.  Content aggregators saw a benefit from user engagement that was both significant 
and large, while content producers saw no benefit from user engagement. We believe that content 
producers may have a natural tendency to rely on their content for popularity.  Content aggregators, being 
more opportunistic by their nature, may realize content search benefit from their following relationships.   
This is a significant implication of our study.  It is reasonable that content producers may have good 
reasons for only using their own content in their collections.  They have brands and products that they 
wish to promote, and perhaps have no desire to emphasize the content of other companies.  However, it is 
important that producers not view the CBN as a one-way communication channel.  Even if these 
producers do not copy much content, they must still observe which types of content elicit the greatest 
community response. This will allow them to tailor their content presentations to the needs and wants of 
the community.   
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 In essence, the findings of this study related to content producers and aggregators present a microcosm 
of the larger competitive environment seen in today's link economy.  Content aggregators, by their very 
nature, benefit from many different content channels and formats.  Large aggregators like Google do not 
care who produces content, as long as they have a large stream of new and enticing content being 
produced somewhere that they can funnel internet traffic towards, collecting revenue along the way.  
Content producers, by comparison, are forced to rely on far fewer means of revenue generation.  In our 
study, we see aggregators benefiting from user engagement, socially-earned repins and comments, a 
much more well-rounded approach to follower acquisition.  Content producers, meanwhile, limit 
themselves significantly by not taking advantage of everything that the CBN format has to offer.  The 
situation for content producers becomes even more serious when we consider that they do not benefit, at 
least directly, from the original content that they work so hard to produce.   
In discussing the findings of this study, it is important to mention that these findings are limited in two 
areas. First, we are not able to account for socially-earned media effects that may exist outside of the CBN. 
It is possible that some users in the sample are known outside of the Pinterest network, and that this level 
of fame may encourage follower growth that we are not including in our model. To account for this, we 
limited our sample to only include users and companies that were not “household names”. There may also 
be reason to question the generalizability of some of the findings in this study. While Pinterest is an 
appropriate domain of study as the largest and most influential CBN, it has been observed that the 
population of Pinterest exhibits some issues in terms of gender distribution. Our own survey of Pinterest 
users resulted in a sample that was 74% female. As of this writing, Pinterest and CBN in general are too 
new to determine whether this gender distribution is something inherent to the curation-based format or 
a function of Pinterest alone.  
Future Research and Conclusion 
The findings of this study present several interesting opportunities for future research.  First, our finding 
that socially-earned media in the form of repins has an impact on follower growth is interesting.  However, 
this is still one step removed from having a direct financial impact for companies.  Future research could 
also examine how socially-earned media leads to followers, and how often and in what numbers these 
followers result in customer conversion outside of the CBN environment.  Today, numerous companies 
track online social network referral business to provide organizations with tools for determining the 
impact of their social media marketing efforts.  It would be very interesting to study the antecedent role of 
socially-earned media in driving these referrals. 
Another area of future research concerns the role of CBN in the mobile marketplace.  We observed no 
impact of socially-earned comments, and saw that within the Pinterest network comments are in fact very 
rare.  While the study considered a large sample of Pinterest users, it was not possible to divide these 
users into those that access the CBN from a computer, where textual input is easier and faster, compared 
to a mobile device.  It may be that traditional computer users are more likely to comment than those using 
mobile devices, which would be consistent with past research concerning usage differences attributable to 
mobile technologies.  Future research that was able to distinguish between mobile and traditional users 
could investigate these issues.   
In this study, we have put forth an investigation into the impact of marketing activities in curation-based 
online social networks. Using a unique data set collected over a period of 8 weeks and involving a mixed 
sample of companies and individual users, we developed and empirically tested a series of econometric 
models to investigate the impact of marketing media and user actions within a curation-based network 
environment. Past research has shown that gaining attention and attracting customers relies on an 
appropriate mix of marketing activities. We provide support for this research by showing that traditional 
media, socially-earned media, and customer engagement all play a complex role in process of generating 
online “buzz”. Our findings suggest that in this environment, textual discourse plays a diminished role, 
and that attracting followers primarily involves the sharing of digital content. 
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